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Abstract:

community detection algorithm(SOCD) is proposed. SOCD processes the edges in a streaming fashion and handles one

To improve the efficiency of community detection in large-scale network, a streaming-based overlapping

edge at a time, and each edge is processed only once. The algorithm discovers the community based on the degree of node,
the contribution of node to the community, and the change of the number of connected edges between communities. Exten-
sive experiments on synthetic networks and real large-scale networks show that SOCD has great advantages in time con-
sumptions and memory footprints. It is more than 10 times faster than traditional methods and has strong robustness. It can ef-

ficiently and accurately mine the overlapping community structures in the network under linear time and space complexity.
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